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Abstract: Queuing Theory is an important branch of Applied Mathematics which involves the mathematical 

modelling and analysis of systems where entities, such as customers in a line, arrive at a service facility, wait for 

service, and then depart after being served. Applied Mathematics provides the tools needed to model and 

analyze queuing systems. In 2021, the 74th World Health Assembly approved the historic resolution for Oral 

Health, which, recognizes the need to develop a project and proceed with the launch of a "Global Strategy for 

Oral Health". In this sense, and for the necessary adaptations to occur in the Portuguese National Health System 

(PNHS), an in-depth study is necessary specially at the level of human resources, essential for the program to be 

effectively implemented and the objectives proposals duly achieved. Minimizing patient waiting times is a 

crucial consideration in healthcare sector management. This work aims to improve and build a discrete event 

simulation model for modeling patient flow queuing system in an NHS dentist's office, with the purpose of 

exploring options for designing an effective queuing system. The model of a public dental office is simulated 

with the help of Arena Software, based on data collected by the Portuguese Dental Association to optimize 

dental service management. Therefore, through this simulation, the efficiency of this public dental 

administration can be increased, thus being able to offer oral health care to the entire Portuguese population. The 

findings of the simulation indicated that little adjustments to the current system could have a significant impact 

on the use of resources.  
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Introduction 

 

Queuing Theory is a mathematical approach used to analyze the behavior of queues, which are lines of waiting 

customers, patients, or other entities requiring service. The fundamental elements of a queuing system include 

the arrival process (how entities arrive at the queue), the service process (how entities are served), and the queue 

discipline (the order in which entities are served) (Newton & Medhi, 1992). 

 

In healthcare, Queuing Theory provides essential tools for modeling and analyzing patient flow through various 

medical facilities, such as hospitals, clinics, and dental offices. Efficient management of these flows is critical to 

minimizing patient waiting times, optimizing resource utilization, and enhancing the overall quality of care 

(Green, 2006). Healthcare systems are inherently complex, involving multiple stages of service, varying arrival 

rates, and diverse patient needs, making Queuing Theory an ideal approach for addressing these challenges 

(Wallace et al., 2013). Dental offices, use Queuing Theory to streamline patient flow from arrival to departure. 

By simulating different scenarios, dental offices can identify bottlenecks, optimize appointment schedules, and 

ensure that resources are allocated efficiently to minimize patient waiting times (Fomundam & Herrmann, 

2007).  
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The Benefits of Queuing Theory in Healthcare are many, such as: by understanding and modeling patient arrival 

and service processes, healthcare facilities can implement strategies to reduce waiting times, leading to 

improved patient satisfaction and outcomes (Duguay & Chetouane, 2007; Hall, 2006); queuing models help in 

determining the optimal number of staff, equipment, and other resources needed at different times, ensuring that 

resources are used efficiently without overburdening the system(Harper & Shahani, 2002); efficient queuing 

systems contribute to higher service quality by reducing delays and ensuring that patients receive timely and 

appropriate care (Kolker, 2008; Rasheed et al., 2012); queuing theory provides a quantitative basis for decision-

making, allowing healthcare administrators to make informed choices about resource allocation, staffing, and 

process improvements (Worthington, 2008; Worthington, 1987). 

 

In 2021, the 74th World Health Assembly (World Health Organization, 2021a)approved a historic resolution for 

Oral Health, recognizing the critical need to develop a "Global Strategy for Oral Health." This global initiative 

underscores the importance of oral health and necessitates strategic adaptations in national health systems, 

including Portugal’s National Health System. 

 

The objective of this study is to simulate a queuing model of a public dental office using Arena Software. This 

simulation aims to enhance the efficiency of the public dental service by evaluating different scenarios and 

conducting a sensitivity analysis to improve system performance. Ultimately, this research seeks to minimize 

patient waiting times and ensure the effective delivery of oral health care to the Portuguese population. 

 

 

Background and Literature Review 

 

Queuing Theory Applications 

 

Queuing Theory is a branch of operations research and applied mathematics that studies the behavior of queues, 

which are systems where entities wait for service. The fundamental components of a queuing system include the 

arrival process, the service process, and the queue discipline (Newton & Medhi, 1992). According to Donald 

Gross (Gross et al., 2011),the key principles of queueing theory are as follows:  

 

 Arrival Process - Describes how entities arrive at the service point. It can be deterministic or 

stochastic. A common stochastic model is the Poisson process, where arrivals are random and 

independent over time. 

 Service Process - Explains how entities are served once they reach the service point. This can also be 

deterministic or stochastic. The exponential distribution is often used to model the time between 

services. 

 Queue Discipline - Refers to the rules that determine the order in which entities are served. Common 

disciplines include First-In-First-Out (FIFO), Last-In-First-Out (LIFO), and priority-based systems. 

 Number of Servers - The number of parallel service points available. Systems can have a single server 

or multiple servers. 

 System Capacity - The maximum number of entities that can be in the system (both waiting and being 

served) at any time. 

 Population Size - The size of the population from which entities arrive. This can be finite or infinite. 

 

Originating from the study of telephone call arrivals, Queuing Theory has grown to encompass a wide range of 

applications, including:  

 

 Telecommunications - Managing data packet transmission, call routing, and network bandwidth 

allocation (Alfa, 2010; Daigle, 2005); 

 Manufacturing: Optimizing production lines, inventory management, and maintenance scheduling 

(Bansal & Moses, 2022; Salawu et al., 2020; Xu et al., 2023); 

 Healthcare - Reducing patient waiting times, optimizing staff levels, and scheduling surgeries or 

consultations (Kalwar et al., 2021; Mahmudov & Mahmudova, 2022; Nawusu et al., 2020; Santos et 

al., 2022; Weerakoon et al., 2019); 

 Transportation and Logistics - Managing traffic flow, scheduling flights, optimizing freight handling, 

and minimizing delays (Alharbi et al., 2022; Aziziankohan et al., 2017; Jia et al., 2022; Reyes et al., 

2023; Zheng et al., 2023); 
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 Customer Service - Staffing call centers, managing checkout lines, and improving customer 

satisfaction (Brahma, 2013; Feuer & Fallah-Fini, 2020; Gong et al., 2018; Nosek & Wilson, 2001; 

Preeti & Gupta, 2024; Sakr et al., 2023; Subrayan et al., 2023); 

 Computing and IT - Allocating computational resources, load balancing in servers, and optimizing 

cloud services (Fedorova et al., 2023; Han et al., 2023; Kushchazli et al., 2024; Quattrocchi et al., 

2024; Sufyan & Banerjee, 2023; Vilaplana et al., 2014; R. Xu et al., 2020). 

 

The main purpose of queuing theory is to improve the efficiency of systems that involve waiting lines, ensuring 

that resources are utilized effectively while minimizing wait times and costs. By understanding and modeling 

the behavior of queues, businesses and organizations can make informed decisions about capacity planning, 

resource allocation, and system design. 

 

 

Applications in Healthcare 

 

As said before, queuing theory is widely applied in healthcare to improve the efficiency of patient flow, 

optimize resource utilization, and enhance the quality of care. Some of the key applications in different health 

fields are: 

 

 Emergency Departments (EDs) - Queuing models help manage patient flow in EDs, which often face 

unpredictable arrival patterns and varying levels of urgency. By optimizing staffing levels and resource 

allocation, queuing models can reduce patient waiting times and improve care delivery (Alavi-

Moghaddam et al., 2012; Cochran & Bharti, 2006; Hajrizi & Berisha, 2019; Samaha et al., 2003). 

Samaha et al. (2003) used discrete event simulation to analyze and reduce the length of stay in an 

emergency department. By modeling different scenarios, the study identified optimal staffing levels 

and process improvements that significantly reduced patient waiting times. Similarly, Cochran and 

Bharti (2006) applied queuing models to balance bed utilization in obstetrics hospitals, enhancing 

overall patient flow and resource management. 

 Outpatient Clinics - Queuing Theory aids in designing appointment systems and managing patient 

flow in outpatient clinics. Effective scheduling can reduce wait times and enhance patient satisfaction  

(Cayirli & Veral, 2003; Mtonga et al., 2022; White & Pike, 1964). White and Pike (1964) studied 

appointment systems in outpatient clinics, focusing on the impact of patient unpunctuality on waiting 

times. Their work laid the foundation for subsequent studies on outpatient scheduling. Cayirli and 

Veral (2003) provided a comprehensive review of outpatient scheduling in healthcare, highlighting 

various queuing models and their applications in reducing patient wait times and improving clinic 

efficiency. 

 Surgical Units - In surgical units, queuing models optimize the scheduling of surgeries and the 

utilization of operating rooms. This helps in minimizing downtime and improving throughput 

(Ferdinandes et al., 2017; Schulz & Fliedner, 2023; Wang et al., 2020). 

 Pharmacy Services - Queuing models manage prescription fulfillment processes in pharmacies, 

ensuring timely service and reducing patient wait times (Adams et al., 2021; Jacobson et al., 2006; Sari 

et al., 2022; Setiawan & Restiana, 2024). 

 Dental Offices - Queuing Theory helps dental offices streamline patient flow and optimize 

appointment schedules, enhancing service delivery and patient satisfaction  (Fomundam & Herrmann, 

2007; Kakooei, 2022). 

 

The existing literature demonstrates the successful application of queuing models across various medical and 

dental settings, resulting in reduced waiting times, enhanced service quality, and better overall healthcare 

outcomes. As healthcare systems continue to face challenges such as increasing demand and limited resources, 

the application of Queuing Theory will remain crucial in achieving efficient and effective healthcare delivery. 

 

 

Global Perspective on Oral Health 

 

Oral health is a crucial component of overall health and well-being. It encompasses the health of the teeth, 

gums, and the entire oral-facial system that allows us to smile, speak, and chew. Poor oral health can lead to 

significant pain and suffering, impacting an individual's quality of life. It is linked to a range of systemic 

conditions, including cardiovascular disease, diabetes, respiratory infections, and adverse pregnancy outcomes 

(Glick et al., 2016; Macdonald, 2000; Petersen & Kwan, 2011). 
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Globally, oral diseases are among the most common non-communicable diseases (NCDs) and affect people 

throughout their lifetime, causing pain, discomfort, disfigurement, and even death. The Global Burden of 

Disease Study 2017 estimated that oral diseases affect half of the world’s population (3.5 billion people), with 

dental caries (tooth decay) in permanent teeth being the most prevalent condition (Kassebaum et al., 2015). 

Periodontal (gum) disease, which may result in tooth loss, was the 11th most prevalent disease globally (Chang 

& Chang, 2019; Naqvi et al., 2022). 

 

Oral diseases disproportionately affect the poor and socially disadvantaged in all countries, reflecting significant 

inequalities. Access to oral health services is limited in many low- and middle-income countries, and even in 

high-income countries, underserved populations often experience high levels of oral disease (Petersen & Kwan, 

2011). 

 

Recognizing the importance of oral health, the 74th World Health Assembly in 2021 approved a historic 

resolution for oral health, calling for the development of a "Global Strategy for Oral Health." This strategy 

emphasizes the need for integrating oral health into primary healthcare, improving oral health literacy, and 

addressing the social determinants of oral health (World Health Organization, 2021b). 

 

 

Importance of Oral Health in Portugal 

 

In Portugal, oral health has gained increased attention over the past decades. However, despite improvements, 

there are still significant challenges. The Portuguese population has historically faced high levels of oral 

diseases, including dental caries and periodontal disease. The prevalence of these conditions remains a public 

health concern, especially among children and older adults (Portuguese Dental Association, 2021). 

 

The importance of oral health in Portugal is underscored by its impact on individuals' overall health, 

productivity, and quality of life. Poor oral health can lead to pain, infection, and tooth loss, affecting nutrition, 

speech, and self-esteem. Additionally, it is associated with chronic conditions such as diabetes and 

cardiovascular diseases, which are prevalent in the Portuguese population (Carvalho et al., 2016; Costa et al., 

2024). 

 

In alignment with global initiatives, Portugal has taken steps to enhance its national oral health strategy. The 

Portuguese government has launched several programs aimed at improving oral health services, particularly for 

vulnerable populations. One such initiative is the National Program for the Promotion of Oral Health (PNPSO), 

which focuses on preventive care, access to dental services, and education (Direção-Geral da Saúde, 2020). 

 

 

Simulation in Healthcare System 

 

In simulation, the system of interest is replaced with a physical or computational model, resulting in model-

based experimentation. Doing field experiments and using this approach are conceptually quite similar. In 

numerous instances, the technique has shown to be helpful in helping management gain a deeper grasp of their 

present operations and create better models to address issues. In order to minimize wait times, this method 

comprises assessing and testing various designs as well as verifying, elucidating, and endorsing simulation 

results and research recommendations (Alam et al., 2018). 

 

One of the best simulation tools for creating models based on observations and offering different possibilities is 

Arena Software. Several studies have demonstrated improvements in patient flow, resource utilization, and 

overall efficiency of health services. These, provide a comprehensive understanding of how Arena Software can 

be effectively used to enhance dental healthcare delivery (Günal & Pidd, 2010; Kakooei, 2022; Kamali et al., 

2022; Mohd Fadilah et al., 2023). 

 

 

Methodology 
 

Simulation Arena software was used in this study's simulation modeling approach. The data collection process, 

including dental consultation times in the National Health Service (NHS) were collected from the Order of 

Dentists, which developed a reference document with the aim of promoting the normative and guiding bases for 

organizing the consultation, both by dentists and health management planners (Ordem dos Médicos Dentistas, 

2021). The model needs information about the number of patients, their arrival time at the dental office as well 
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as the start and finish times of each procedure, including registration, medical care, dental consultations, 

prescription fillings, and payment. This study also aims to demonstrate that it is possible to create dental 

medical offices in the Portuguese National Health System (PNHS) as well as create the careers of dentists and 

dental assistants, in a planned manner and above all supported by the Primary Health Care (PHC), taking into 

account the scarcity of resources in the dental health area, so that Portugal can meet the objectives 

recommended in the Global Action Plan for Oral Health (2023-2030) by the WHO (World Health Organization, 

2023). As a way to maximize the profitability of PNHS dental practices, only one dental office is available in a 

PNHS health unit, it is proposed to use three dentists for every two dental practices, located in different health 

units, but close to each other; two of the three dentists work full-time, in different offices; and the third dentist 

fills the gaps between the two offices, alternately between the two offices close to each other, making up a total 

of 12 hours of continuous daily operation of the dental medical offices in the PNHS health units. Appointments 

are taken at the dental medical offices from 8:00 am to 8:00 pm, Monday through Friday, excluding holidays. 

Dentists are always assisted by an assistant, who works equally in terms of hours and rotation, so that they can 

make the most of available resources and considering the need for permanent care in the PNHS and can cover 

the greatest number of possible users. There is no Emergency dentist in these PNHS dental offices. Figure 1 

shows the flowchart of patients at the local health unit from PNHS, with patient care by the dentist in the 

specialties: Consultation, Dentistry, Surgery, Endodontics, Periodontics and Prosthetics. 

 

 
Figure 1. Illustration of the dental office Flowchart in a PNHS health unit 

 

Data regarding dental specialties were taken from the 7th Ed. Oral Health Barometer (Ordem dos Médicos 

Dentistas (OMD), 2022), which the OMD carries out and publishes annually and only treatments that are 

included in the National Oral Health Promotion Plan (NOHPP) and according to the goals set out in the 

Working Group Report – SNS | Oral Health 2.0 (Sistema Nacional da Saúde (SNS), 2023). Among the 

treatments and respective specialties, Orthodontics was not taken into consideration, as it is not covered by the 

NOHPP and is not included in the Working Group Report – SNS | Oral Health 2.0. In table 1, there are the 

percentages of appointments by specialty. 
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Table 1. Percentages for type of consultation by specialty 

Type of Appointment by 

Specialty 

Percentage (%) Specialty 

Regular visits / Check-Up 26,3% Consultation 

Perform Restorations 14% Dentistry 

Tooth Extraction 9,2% Surgery 

Pain 8,1% Endodontics 

Teeth Cleaning / Gum Problem 27,2% Periodontics 

Placing Prosthetics/Implants 15,2% Prosthetics 

 

To improve the appointment scheduling process and optimize scarce resources in the PNHS dental practice, the 

current system was modeled based on data provided by the Dental Association and many years of professional 

experience. Model performance was evaluated, and output results were compared with those of the current 

system. 

 

A dental office in a PNHS health unit simulation model was created using Arena simulation software version 

16.2, to predict changes in patient waiting time and queue waiting length resulting from variations in the system. 

Figure 2 shows a screenshot of the existing simulation model in Arena. Seven Discrete Processing modules, 

Create, Process, Delay, Assign, Route, Station, and Dispose, one Decisions module, Decide, and one Input 

Output module, Record, with the analysis from the input analyzer, were included in the model.  

 
Figure 2. Screenshot of the Arena simulation model of the dental office in a PNHS health unit 

 

The simulation model was executed for ten replications, with each replication simulating a full week of five 

business days, ensuring the robustness of the results. The dental office operates for 720 minutes (12 hours) each 

day. Two scheduling scenarios were tested to optimize the appointment scheduling times: Scenario 1 with 30-

minute slots and Scenario 2 with 40-minute slots.  To evaluate the effectiveness of the processing procedures 

used in dental offices, a few outputs were tracked. These outputs will be utilized to improve the model. The 

results are presented in the next section. 

 

 

Results and Discussion 
 

A simulation model for modeling patient flow queuing system in an Portuguese National Health System 

dentist's office, with the purpose of exploring options for designing an effective queuing system of a public 

dental office is simulated by using Arena Software and run it to get the simulation results. The primary metrics 

tracked were the average processing time for each process and the average number of patients treated for each 

process. 

 

In Scenario 1, the dental office used 30-minute scheduling slots. The results, as shown in Table 2, indicate the 

average number of patients treated and the average time spent for each type of appointment by specialty. 
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Table 2. Average number of patients treated and average time for each process from Scenario 1 

Type of Appointment by Specialty 

(Scenario 1) 

Average Number 

Patients 

Average 

Time (min) 

Consultation 29 20,0544 

Dentistry 15 44,6888 

Surgery 10 31,7800 

Endodontics 9 55,2606 

Periodontics 30 30,0854 

Prosthetics 16 30,1025 

 

In Scenario 2, the dental office used 40-minute scheduling slots. The results, as shown in Table 3, indicate the 

average number of patients treated and the average time spent for each type of appointment by specialty. 

 

Table 3. Average number of patients treated and average time for each process from Scenario 2 

Type of Appointment by Specialty 

(Scenario 2) 

Average Number 

Patients 

Average 

Time (min) 

Consultation 24 20,1947 

Dentistry 13 45,0330 

Surgery 8 31,6178 

Endodontics 7 55,5634 

Periodontics 24 30,1713 

Prosthetics 13 30,0708 

 

The results from the simulation highlight several important aspects of scheduling effectiveness in the dental 

office setting: 

 

 Consultation Appointments: 

 

o In Scenario 1, with 30-minute slots, the dental office was able to treat an average of 29 

patients per week, with an average processing time of approximately 20 minutes. 

o In Scenario 2, with 40-minute slots, the number of patients treated decreased to 24, while the 

average processing time remained similar. 

 

 Dentistry Appointments: 

 

o The average number of patients treated in Scenario 1 was 15, with an average processing time 

of about 45 minutes. 

o In Scenario 2, the number of patients treated decreased to 13, while the average processing 

time slightly increased. 

 

 Surgery Appointments: 

 

o Scenario 1 allowed for an average of 10 surgeries per week with an average processing time 

of approximately 32 minutes. 

o In Scenario 2, both the number of surgeries and the average processing time slightly 

decreased. 

 

 Endodontics Appointments: 

 

o In Scenario 1, an average of 9 patients were treated, with the longest average processing time 

of 55 minutes. 

o Scenario 2 saw a decrease to 7 patients, with a slight increase in processing time. 

 

 Periodontics Appointments: 

 

o Scenario 1 facilitated the treatment of 30 patients per week, with an average processing time 

of 30 minutes. 

o Scenario 2 saw a reduction to 24 patients, with a marginal increase in processing time. 

 

 Prosthetics Appointments: 
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o Scenario 1 managed to treat an average of 16 patients per week, with an average processing 

time of approximately 30 minutes. 

o Scenario 2 treated fewer patients (13), but the processing time remained virtually unchanged. 

 

 

Implications for Dental Office Operations 

 

The analysis suggests that shorter scheduling slots (Scenario 1) generally allow for a higher number of patients 

to be treated across most specialties, although with marginal increases in processing time for some types of 

appointments. On the other hand, longer slots (Scenario 2) reduce the number of patients treated but do not 

significantly impact the average processing time for most appointment types. 

 

Optimizing scheduling times is crucial for balancing the number of patients treated with the quality of care 

provided. The results indicate that a 30-minute slot scheduling system might be more effective in maximizing 

patient amount without substantial increases in processing times, making it a potentially better choice for the 

dental office's queuing system. Future improvements to the model could include additional factors such as 

patient satisfaction, variability in appointment types, and more detailed tracking of resource utilization to further 

refine the scheduling system. 

 

 

Conclusion and Recommendations 

 

This study aimed to optimize the scheduling system of a public dental office within the Portuguese National 

Health System by simulating patient flow using Arena Software. Two scenarios were analyzed: one with 30-

minute scheduling slots (Scenario 1) and another with 40-minute scheduling slots (Scenario 2). The primary 

metrics evaluated were the average processing time for each process and the average number of patients treated 

per week. The findings revealed that Scenario 1, utilizing 30-minute slots, generally allowed for a higher 

number of patients to be treated across various specialties compared to Scenario 2 with 40-minute slots. 

Specifically, Scenario 1 facilitated a greater patient throughput in consultations, dentistry, surgery, endodontics, 

periodontics, and prosthetics. Despite the increased patient numbers, the average processing times remained 

comparable between the two scenarios, indicating that shorter slots did not significantly compromise the time 

required for each appointment type. This research underscores the importance of optimizing scheduling times to 

enhance the efficiency of dental office operations. The 30-minute slot scheduling system demonstrated a 

potential to maximize patient throughput without notably increasing the processing times, suggesting it as a 

more effective option for the public dental office's queuing system. Implementing such a system could lead to 

improved patient access to dental care services and better utilization of resources. 

 

Future research could build on these findings by incorporating additional variables such as patient satisfaction, 

variability in appointment durations, and resource allocation to further refine the model and enhance the 

effectiveness of the dental office scheduling system. 

 

 

Scientific Ethics Declaration 
 

The authors declare that the scientific ethical and legal responsibility of this article published in EPSTEM 

journal belongs to the authors. 

 

 

Acknowledgements or Notes 
 

* This article was presented as a poster presentation at the International Conference on Research in Engineering, 

Technology and Science (www.icrets.net) held in Thaskent/Uzbekistan on August 22-25, 2024.  

 

* This work is financed by Portuguese national funds through FCT – Fundação para a Ciência e Tecnologia, 

under the project UIDB/05422/2020 

 

 

References 

 

http://www.icrets.net/


International Conference on Research in Engineering, Technology and Science (ICRETS), August 22-25, 2024, Thaskent/Uzbekistan 

328 

 

Adams, S., Mulubwa, M., van Huyssteen, M., & Bheekie, A. (2021). Access to chronic medicines: patients’ 

preferences for a last kilometre medicine delivery service in Cape Town, South Africa. BMC Family 

Practice, 22, 1-12. 

Alam, S., Osama, M., Iqbal, F., & Sawar, I. (2018). Reducing pharmacy patient waiting time. International 

Journal of Health Care Quality Assurance, 31(7), 834-844. 

Alavi-Moghaddam, M., Forouzanfar, R., Alamdari, S., Shahrami, A., Kariman, H., Amini, A., ... & Shirvani, A. 

(2012). Application of queuing analytic theory to decrease waiting times in emergency department: 

does it make sense?. Archives of Trauma Research, 1(3), 101. 

Alfa, A. S. (2010). Queueing theory for telecommunications: discrete time modelling of a single node system. 

Springer Science & Business Media. 

Alharbi, E. A., Abdel-Malek, L. L., Milne, R. J., & Wali, A. M. (2022). Analytical model for enhancing the 

adoptability of continuous descent approach at airports. Applied Sciences, 12(3), 1506. 

Aziziankohan, A., Jolai, F., Khalilzadeh, M., Soltani, R., & Tavakkoli-Moghaddam, R. (2017). Green supply 

chain management using the queuing theory to handle congestion and reduce energy consumption and 

emissions from supply chain transportation fleet. Journal of Industrial Engineering and Management 

(JIEM), 10(2), 213-236. 

Bansal, S., & Moses, S. (2022). Reliability characteristics of machining systems and some queueing theory 

regarding the machine repair problem. International Journal for Research in Applied Science & 

Engineering Technology (IJRASET), 10(XII). 

Brahma, P. K. (2013). Queuing theory and customer satisfaction: a review of terminology, trends, and 

applications to hospital practice. Asia Pacific Journal of Marketing & Management Review, 2(6), 83-

89. 

Carvalho, C., Manso, A. C., Escoval, A., Salvado, F., & Nunes, C. (2016). Self-perception of oral health in older 

adults from an urban population in Lisbon, Portugal. Revista de Saude Publica, 50, 53. 

Cayirli, T., & Veral, E. (2003). Outpatient scheduling in health care: a review of literature. Production and 

Operations Management, 12(4), 519-549. 

Chang, C. C., & Chang, S. H. (2019). Occupational health nurses promote oral health. Hu Li Za Zhi, 66(1), 14-

20. 

Cochran, J. K., & Bharti, A. (2006). Stochastic bed balancing of an obstetrics hospital. Health Care 

Management Science, 9, 31-45. 

Costa, H., Lopes, P., Correia, M. J., Couto, P., Silva, A. M., López-Marcos, J. F., & Veiga, N. (2024). Oral 

health literacy and determinants among an elderly community in Portugal. International Journal of 

Environmental Research and Public Health, 21(6), 735. 

Daigle, J. N. (2005). Queueing theory with applications to packet telecommunication. Springer Science & 

Business Media. 

Duguay, C., & Chetouane, F. (2007). Modeling and improving emergency department systems using discrete 

event simulation. Simulation, 83(4), 311-320. 

Fedorova, E., Lapatin, I., Lizyura, O., Moiseev, A., Nazarov, A., & Paul, S. (2023). Queueing system with two 

phases of service and service rate degradation. Axioms, 12(2), 104. 

Ferdinandes, M. G. R. U. K., Lanel, G. H. J., & Samrarakoon, M. A. S. C. (2017). A queuing model to optimize 

the performance of surgical units. International Journal of Advanced Engineering Research and 

Science (IJAERS), 4(5). 

Feuer, D., & Fallah-Fini, S. (2020). Call center staffing: An analytical framework for operations improvement at 

a call center. Proceedings of the 2016 Industrial and Systems Engineering Research Conference, 

ISERC 2016. 

Fomundam, S., & Herrmann, J. W. (2007). A survey of queuing theory applications in healthcare. 

https://drum.lib.umd.edu/items/885228fb-a35f-4c79-b01a-1f70a3c2f08c 

Glick, M., Williams, D. M., Kleinman, D. V., Vujicic, M., Watt, R. G., & Weyant, R. J. (2016). A new 

definition for oral health developed by the FDI World Dental Federation opens the door to a universal 

definition of oral health. British Dental Journal, 221(12), 792-793. 

Gong, J., Jıa, Q. Q., Zhang, J. S., & Yu, M. (2018). Robust program model of human resource management for 

staffing call centers. Journal of Northeastern University (Natural Science), 39(1), 20. 

Green, L. (2006). Queueing analysis in healthcare. Patient flow: reducing delay in healthcare delivery, 281-307. 

Gross, D., Shortle, J. F., Thompson, J. M., & Harris, C. M. (2011). Fundamentals of queueing theory (Vol. 627). 

John wiley & sons. 

Günal, M. M., & Pidd, M. (2010). Discrete event simulation for performance modelling in health care: a review 

of the literature. Journal of Simulation, 4(1), 42-51. 

Hajrizi, E., & Berisha, D. (2019). Application of discrete events simulation for the department of emergency at 

peja regional hospital case study Kosovo. IFAC-PapersOnLine, 52(25), 376-381. 

Hall, R. W. (2006). Patient flow: the new queueing theory for healthcare. OR/MS Today, 33(3), 36-41. 

https://drum.lib.umd.edu/items/885228fb-a35f-4c79-b01a-1f70a3c2f08c


International Conference on Research in Engineering, Technology and Science (ICRETS), August 22-25, 2024, Thaskent/Uzbekistan 

329 

 

Han, Y., Xu, Q., Zhao, Q., & Si, F. (2023). Queue-aware computation offloading for UAV-assisted edge 

computing in wind farm routine inspection. Journal of Renewable and Sustainable Energy, 15(6). 

Harper, P. R., & Shahani, A. K. (2002). Modelling for the planning and management of bed capacities in 

hospitals. Journal of the Operational research Society, 53(1), 11-18. 

Jacobson, S. H., Hall, S. N., & Swisher, J. R. (2013). Discrete-event simulation of health care systems. Patient 

flow: Reducing delay in healthcare delivery, 273-309. 

Jia, W., Huang, Y. L., Zhao, Q., & Qi, Y. (2022). Modeling taxi drivers’ decisions at airport based on queueing 

theory. Research in Transportation Economics, 92, 101093. 

Kakooei, S., Tahmasebi, E., Bahadori, M., Yazdanian, M., Rafiei, E., Mostafavi, M., ... & Modaberi, A. (2022). 

Application of queuing theory and simulation model to reduce waiting time in dental hospital. Journal 

of Oral Health and Oral Epidemiology, 11(3), 140-145. 

Kalwar, M. A., Marri, H. B., Khan, M. A., & Khaskheli, S. A. (2021). Applications of queuing theory and 

discrete event simulation in health care units of Pakistan. International Journal of Science and 

Engineering Investigations, 10(109), 6-18. 

Kamali, A. H., Moradi, M., Goodarzian, F., & Ghasemi, P. (2022). A discrete event simulation method for 

performance analysis of an additive manufacturing in the dental clinic. The International Journal of 

Advanced Manufacturing Technology, 1-31. 

Kassebaum, N. J., Bernabé, E., Dahiya, M., Bhandari, B., Murray, C. J. L., & Marcenes, W. (2015). Global 

burden of untreated caries: a systematic review and metaregression. Journal of Dental Research, 94(5), 

650-658. 

Kolker, A. (2008). Process modeling of emergency department patient flow: Effect of patient length of stay on 

ED diversion. Journal of Medical Systems, 32, 389-401. 

Kushchazli, A., Safargalieva, A., Kochetkova, I., & Gorshenin, A. (2024). Queuing model with customer class 

movement across server groups for analyzing virtual machine migration in cloud 

computing. Mathematics, 12(3), 468. 

Macdonald, G. (2000). The evidence of health promotion effectiveness. shaping public health in a new europe. 

Health Education Research, 15(2). 

Mahmudov, S., & Mahmudova, M. (2022, September). Modern Intelligent Health Systems: Queueing, 

Simulation. In 2022 International Conference on Information Science and Communications 

Technologies (ICISCT) (pp. 1-6). IEEE. 

Fadilah, N. Z. M., Shahidan, W. N. W., & Sharif, N. (2023). Modeling and simulation analysis of medical and 

dental clinic system using arena. Environment-Behaviour Proceedings Journal, 8(SI15), 171-178. 

Mtonga, K., Gatera, A., Jayavel, K., Nyirenda, M., & Kumaran, S. (2022). Adaptive staff scheduling at 

outpatient department of ntaja health center in Malawi-A queuing theory application. Journal of Public 

Health Research, 11(2). 

Naqvi, A., Aruna, D. H., Parthi, A., Kamra, M., Nagrale, R. G., Kumar, P., & Chhabra, K. G. (2022). Evaluation 

of health seeking behaviour of patients with severe periodontitis visiting private dental college and 

hospital. Journal of Medical Pharmaceutical and Allied Sciences, 11(2).  

Nawusu, Y. A. W., Danaa, A. A. A., & Ismail, S. (2020). Queue management during health pandemics: A 

queuing theory perspective. Asian Journal of Research in Computer Science, 6(4), 18-26. 

Newton, J., & Medhi, J. (1992). Stochastic models in queueing theory. Journal of the Royal Statistical Society. 

Series A (Statistics in Society), 155(3). 

Nosek Jr, R. A., & Wilson, J. P. (2001). Queuing theory and customer satisfaction: a Review of terminology, 

trends, and applications to pharmacy practice. Hospital Pharmacy, 36(3), 275-279. 

Ordem dos Médicos Dentistas. (2021). Tempos de consulta de medicina dentária no SNS. Retrieved from 

Https://Www.Omd.Pt/2021/01/Tempo-Consulta-Dentaria/. 

Petersen, P. E., & Kwan, S. (2011). Equity, social determinants and public health programmes–the case of oral 

health. Community Dentistry and Oral Epidemiology, 39(6), 481-487. 

Preeti, & Gupta, N. (2024). Open Jackson queuing networks for waiting time reduction and manpower planning 

in pharmacy. International Journal of System Assurance Engineering and Management, 1-8. 

Quattrocchi, G., Incerto, E., Pinciroli, R., Trubiani, C., & Baresi, L. (2024). Autoscaling solutions for cloud 

applications under dynamic workloads. IEEE Transactions on Services Computing. 

Rasheed, F., Lee, Y. H., Kim, S. H., & Park, I. C. (2012). Development of emergency department load relief 

area—gauging benefits in empirical terms. Simulation in Healthcare, 7(6), 343-352. 

Reyes, E. G. A., Cangco, G. K. M., Ilagan, S. M. C., Pacunayen, H. P., Piamonte, J. A., & German, J. D. (2023, 

April). An application of queueing theory on the ticketing booth of light rail transit 1 (LRT-1) Central 

station. In Proceedings of the 2023 5th International Conference on Management Science and 

Industrial Engineering (pp. 192-198). 

Sakr, A., Elzeki, O. M., & El-Bakry, H. (2023). A simulation of mobile-based bank teller application for 

managing waiting time of customers. Journal of Computer Science, 19(3). 

https://www.omd.pt/2021/01/Tempo-Consulta-Dentaria/


International Conference on Research in Engineering, Technology and Science (ICRETS), August 22-25, 2024, Thaskent/Uzbekistan 

330 

 

Salawu, G., Bright, G., & Onunka, C. (2020). Performance optimisation on waiting time using queueing theory 

in an advanced manufacturing environment. South African Journal of Industrial Engineering, 31(4), 9-

18. 

Samaha, S., Armel, W. S., & Starks, D. W. (2003). The use of simulation to reduce the length of stay in an 

emergency department. Winter Simulation Conference Proceedings, 2. 

Santos, A. B., Calado, R. D., Zeferino, A. C. S., & Bourguignon, S. C. (2022). Queuing theory: Contributions 

and applications in the field of health service management–A bibliometric approach. IFAC-

PapersOnLine, 55(10), 210-214. 

Sari, I., Asriwati, A., & Diana, V. E. (2022). The Implementation Evaluation of Drug Demand Plan in Pharmacy 

Installations of Dr Fauziah Hospital Bireuen Aceh Province. Journal La Medihealtico, 3(4), 343-350. 

Schulz, A., & Fliedner, M. (2023). Minimizing the expected waiting time of emergency jobs. Journal of 

Scheduling, 26(2), 147-167. 

Setiawan, D., & Restiana, R. (2024). Perbaıkan sıstem antrıan fasılıtas kesehatan dengan disiplin antrian 

prıorıtas menggunakan sımulası kejadıan dıskrıt. Jurnal Disprotek, 15(1), 73-80. 

Sistema Nacional da Saúde (SNS). (2023). Relatório do Grupo de Trabalho – SNS | Saúde Oral 2.0. 

Subrayan, M. S., Edward, M. D., & Narayanan, S. V. (2023, June). Application of queuing theory in the ATMs 

of dutch Bangla bank limited Bangladesh. In AIP Conference Proceedings (Vol. 2649, No. 1). AIP 

Publishing. 

Sufyan, F., & Banerjee, A. (2023). Computation offloading for smart devices in fog-cloud queuing 

system. IETE Journal of Research, 69(3), 1509-1521. 

Vilaplana, J., Solsona, F., Teixidó, I., Mateo, J., Abella, F., & Rius, J. (2014). A queuing theory model for cloud 

computing. The Journal of Supercomputing, 69, 492-507. 

Hopp, W. J., & Lovejoy, W. S. (2012). Hospital operations: Principles of high efficiency health care. FT Press. 

Wang, J., Vahid, S., Eberg, M., Milroy, S., Milkovich, J., Wright, F. C., & Irish, J. (2020). Clearing the surgical 

backlog caused by COVID-19 in Ontario: a time series modelling study. Cmaj, 192(44), E1347-E1356. 

Weerakoon, W. M. N. B., Vasanthapriyan, S., & Ishanka, U. P. (2019, December). A queuing model for 

outpatient department to reduce unnecessary waiting times. In 2019 14th Conference on industrial and 

information systems (ICIIS) (pp. 203-208). IEEE. 

White, M., & Pike, M. C. (1964). Appointment systems in outpatient clinics and the effect of patients’ 

unpunctuality. Medical Care, 12(6), 222–230. 

World Health Organization. (2021a). 148th Session EB148.R1 - Agenda Item 6 - Oral Health. 

World Health Organization. (2021b). Seventy-Fourth World Health Assembly. Resolution Wha74.5: Oral health. 

World Health Organization. (2023). Draft Global Oral Health Action Plan (2023–2030). 

Worthington, D. (2008). Hospital waiting lists explained. J. Opt Res., 38(5). 

Worthington, D. J. (1987). Queueing models for hospital waiting lists. Journal of the Operational Research 

Society, 38(5), 413-422. 

Xu, R., Wu, J., Cheng, Y., Liu, Z., Lin, Y., & Xie, Y. (2020). Dynamic security exchange scheduling model for 

business workflow based on queuing theory in cloud computing. Security and Communication 

Networks, 2020(1), 8886640. 

Xu, Y., Wang, Y., & Ji, Z. (2023). Analysis and simulation of blockchain queueing delay in the cloud 

manufacturing system. CAAI Transactions on Intelligent Systems, 18(3).  

Zheng, H., Yang, Y., Gao, G., Yang, K., & Chen, J. (2022). Traffic stream characteristics analysis for roadway 

linking to pick-up zone of passenger transportation hub: A fundamental diagram derived from threshold 

queueing theory. Applied Sciences, 13(1), 175. 

 

 

Author Information 
Ana Paula Lopes 
Polytechnic of Porto / ISCAP / CEOS.PP 

Rua Jaime Lopes Amorim, s/n  

4465-004 S. Mamede de Infesta 

Portugal 

Contact e-mail: aplopes@iscap.ipp.pt 

Ana Cristina & Sousa 
Polytechnic of Porto / ISCAP  

Rua Jaime Lopes Amorim, s/n  

4465-004 S. Mamede de Infesta 

Portugal 

 

 

 

To cite this article:  

Lopes, A. P. & Sousa, A.C. (2024). Using queuing theory and simulation to improve oral health program. The 

Eurasia Proceedings of Science, Technology, Engineering & Mathematics (EPSTEM), 29, 320-330.  

 


